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Abstract: Benchmark is currently the most important technique for evaluating a computer system. The
content of assessment mainly includes one or more of the three aspects of the software, the hardware and
the computer system itself. In the Big Data era, compared with traditional computer system, the diversity
and complexity of big data related computer systems are higher. Therefore, benchmarking technology will
cover a wide range of applications and provide a wide range of data types and complex data manipulation.
This paper summarizes some testing specifications and methods in benchmark and lists several
challenges to adaption to changes from big data era and development trend in the development of
benchmarking.
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